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Germany is reallocating industrial activity from automotive production toward defence and AI capital
formation. This note argues that the reallocation changes the information structure of the German business cycle
in a way that aggregate measures of economic structure will not detect. Defence output is anticipated by
construction: it enters the forecaster’s conditioning set at announcement, so its realisation carries no news and
contributes nothing to a nowcast, whatever its share of value added. AI capital expenditure generates genuine
news but raises the volatility of the target. Both forces move the accuracy-maximising indicator count in the same
direction. The argument is conceptual; the post-2022 sample is far too short to estimate it.

Germany is trading one kind of output for another. The automotive complex is contracting; defence and AI capital formation
are expanding. For a forecaster looking several years ahead this is close to good news, because defence procurement is
legislated in advance and published, which makes it far more predictable than the car cycle it displaces. For anyone trying to
establish what the German economy did last quarter, it is the reverse. An appropriation passed in 2025 tells you nothing in
2028 that you did not already know in 2025. The automotive cycle, driven by private consumption and credit, revealed itself
only through indicators as it happened — which is precisely what made those indicators worth watching. AI capital
expenditure falls between the two: privately decided and genuinely informative, but volatile enough to be a noisy guide.

The growth-accounting consequences of this rotation have been widely discussed. The measurement consequences have
not. Composition and information structure are distinct properties of an economy, and this note argues that in Germany they
are now moving in different directions — with the second invisible to the aggregate measures usually used to track the first.

I. THE OBJECT BEING ESTIMATED

Nowcasting is closer to a signal-extraction problem than to a forecasting one: the target for the reference quarter is largely
realised but unpublished. National accounts are released with a publication lag of roughly thirty to forty-five days and are
subsequently revised. Monthly and higher-frequency indicators arrive on staggered schedules within the quarter, so the
conditioning set expands continuously and the panel is unbalanced — the ragged-edge problem that motivates the state-space
and mixed-frequency treatments of Giannone, Reichlin, and Small (2008) and Bańbura et al. (2013).

Let yt denote the target for quarter t and Ωτ the information set available at release date τ. The nowcast is the conditional
expectation 𝔼[yt | Ωτ], and the arrival of a series x revises it only through that series’ innovation relative to the existing set:

𝔼[yt | Ωτ ∪ {x}] −  𝔼[yt | Ωτ]  ∝   x −  𝔼[x | Ωτ]. (1)

Equation (1) is the standard news decomposition. In words, a release revises the nowcast only to the extent that it surprises: a
reading that was fully anticipated leaves the estimate unchanged, because the forecaster had already priced it in. What moves
the estimate is the deviation from expectation, not the level of the series.

The implication is the organising point of this note: an indicator earns its place in a nowcast by carrying news, not by
leading. A coincident series with a short publication lag dominates a leading series with a long one. Nowcasting and
forecasting draw on largely the same candidate series; what differs is the property that earns a series its place, and hence the



weight it receives. The same survey may enter a forecast through its expectations component and a nowcast through its
assessment of current conditions.

One case is extreme. A component of output that is anticipated — already an element of Ωτ when the nowcast is formed
— has an innovation of zero on the right-hand side of (1). It contributes nothing to the estimate, however large its share of
value added. Section II argues that German defence production is close to this case by construction.

II. DEFENCE: ANTICIPATED BY CONSTRUCTION

Defence production is unusually heavily planned: multi-year procurement programmes, appropriations passed in advance,
published order books. Under the time-to-build logic of Kydland and Prescott (1982), long and binding planning lags are
exactly what generate forecastable output.

For forecasting at horizons of years, this is an advantage. For nowcasting it is close to irrelevant, and for the same reason.
The anticipated component enters Ωτ at announcement, well before the reference quarter; its realisation is not an innovation.
It does not require an indicator. This is precisely the property Ramey (2011) exploits: defence spending identifies fiscal
shocks because it is announced ahead of time, and the econometric problem is one of timing rather than of measurement.

A second property compounds the first. Defence demand is determined by geopolitical and budgetary processes that are
not synchronised with the domestic cycle, and it is lumpy — extended flat intervals punctuated by discrete steps. It is closer to
a deterministic level shift than to a cyclical state variable, and it therefore adds little to the common factor structure that
nowcasting models exploit.

III. AI CAPITAL EXPENDITURE: THE OPPOSITE CONFIGURATION

AI-related investment sits at the other corner. It is privately determined, it is capital formation — the most cyclically sensitive
expenditure component — and it responds to expectations and financing conditions rather than to an administrative schedule.
Firm decisions are revealed only through observables, so the channel does generate genuine innovations, and there are timely
series that carry them: capital-goods and semiconductor-equipment orders, credit conditions, investment surveys.

The offsetting feature is variance. Expectations-driven capital cycles are volatile and prone to sharp reversal. In a bias–
variance treatment of indicator choice the accuracy-maximising number of predictors is decreasing in the volatility of the
target: noisier conditioning information raises estimation variance faster than it lowers approximation bias, so the optimum
shifts toward parsimony (Bagavathinathan and Sridevi 2026).

IV. WHAT IS DISPLACED

The contracting sector was, from a measurement standpoint, close to ideal. Automotive activity is privately determined,
income- and credit-elastic, strongly procyclical, and observed through fast, well-established series — new orders, production,
registrations. Its determinants are revealed only through indicators, which is what made those indicators informative in the
first place.



TABLE 1—THREE CHANNELS AND THEIR CONTRIBUTION TO THE CONDITIONING SET

Channel Determined by Cyclical Effect on conditioning set

Automotive ↓ Private — consumption, credit Strongly procyclical Removes a high-signal, fast-observed factor

Defence ↑ Government, geopolitical Acyclical, lumpy Adds value added, no innovation

AI capex ↑ Private — expectations, financing Procyclical, high σ² Adds innovation and variance

Notes: Classification is conceptual rather than estimated. “Innovation” refers to the right-hand side of equation (1): the component of a series
not predictable from the information set already available when the nowcast is formed.

The three effects are not offsetting. Two reduce the number of independent cyclical factors the nowcaster can exploit; the third
raises the volatility of the target. Both channels move the accuracy-maximising indicator count in the same direction.

The asymmetry in scale is worth stating precisely, because the fiscal headline overstates the industrial reallocation by a
wide margin. Cox et al. (2025) put arms sales by major German companies at 0.2 per cent of GDP in 2023 against 5 per cent
for the automotive industry, which employed 772,900 people to defence’s 80,000. Defence expenditure is projected to
approach 3.5 per cent of GDP by 2028, but expenditure and domestic industrial value added are not the same object: a
substantial share of procurement is expected to be sourced abroad, and much of the remainder is personnel and infrastructure
rather than manufacturing output. The channel being contracted is therefore an order of magnitude larger, in industrial terms,
than the one being expanded. What follows is a statement about the composition of the residual signal, not about a wholesale
substitution.

This bears directly on Bagavathinathan and Sridevi (2026). Across twelve economies over a common out-of-sample
window, the accuracy-maximising number of indicators in a GDP nowcast is explained by economic complexity rather than
by income — the interpretation being that the number of orthogonal sources of cyclical signal an economy generates bounds
how many indicators can help. Complexity in the sense of Hidalgo and Hausmann (2009) is a property of the capability base.
What the German rotation alters is the information base: which activities are revealed through observables rather than through
announcements. A reallocation from privately determined to administratively scheduled production can compress the second
while leaving the first intact. If so, the two measures would diverge, and complexity would cease to be a sufficient statistic for
the optimal indicator count. That is a testable proposition, and an inconvenient one for my own framework.

V. WHAT IS NOT CLAIMED

This is a conjecture, not an estimate. The defence expansion dates from 2022 and the AI capital cycle is more recent still
— on the order of a dozen quarterly observations. That is far short of what is required to identify a changed indicator set out
of sample. Any re-estimated nowcasting specification for a defence-led Germany is fitting noise.

The industrial magnitudes are also small. The reallocation is real — German automotive production is down 31 per cent
from its 2011 peak, with major plants running at a quarter to a third of capacity and roughly 100,000 jobs at risk (Cox et al.
2025) — but the receiving sector is far smaller than the departing one, and the fiscal aggregates do not measure domestic
value added. The composition of the cyclical signal can shift materially without the aggregate shares doing so.

Finally, appropriations are not outlays. Procurement schedules slip, and announced budgets map imperfectly onto the
timing of production — what Cox et al. term a “ketchup bottle effect,” with orders and payment-on-delivery separated by a
lag of years, and plant conversion itself requiring two to three years. Defence output is anticipated in principle and irregular in
execution. This weakens the argument of Section II without reversing it: irregular execution introduces timing noise, but the
source of that noise is administrative rather than cyclical, so it is not information a business-cycle indicator would recover.

The conceptual point survives these qualifications, and it runs against the intuitive reading. A more heavily planned
economy is not a more legible one at short horizons. Planning relocates information from indicators into announcements. That



improves the medium-term forecast and degrades the nowcast, and the degradation will not be visible in any statistic
computed on the capability base alone.
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